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In scene-centric approach (a), all elements are encoded according to the
same reference point. In agent-centric approach (b), each agent is
encoded in its own reference frame, leading to a complexity linear in the
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Feature Encoding: Encode all items, represented in vectorized format, with transformers

number of agents Endpoint Prediction: Predict and refine possible endpoints using adaptive head Results of single-agent prediction on Argoverse
Trajectory Prediction: Interpolate middle steps conditioned on endpoints
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Results of multi-agent prediction on Interaction

e Using dynamic weight learning to adapt to the situation
of each agent, enabling us to predict trajectories of multiple

agents accurately

e Utilizing a goal-conditioned architecture to reach a
unified prediction process for both single and multi-agent
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settings

e Stabilizing prediction with gradient stopping, achieving
SOTA results using a small and fast model both in single-

Website: kuis-ai.github.io/adapt/
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We visualize multi-agent predictions on Interaction and single-agent on Argoverse
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